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Abstract: In order to increase residents' interest in local government, we are constructing a natural language-processable database
of local government meeting documents as text. Therefore, in order to extract information from local government meeting activity
documents published in PDF documents, we are considering using image processing to extract the components and arrangement
of the documents and use them as clues for textualization. In this study, we aimed to improve the performance by using deep
learning Detectron2 for image recognition as an improvement of the previous study and by reviewing the knowledge about the
hierarchical structure of document components. Experimental results showed that the accuracy of extracting document components
was improved.
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