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Fundamental Study on Many Objective Optimization Using
Quantum Evolutionary Algorithm
Based on Isolated Strategy
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Abstract. In multi-objective optimization problems, the evolutionary algorithms generate new solutions using crossover and
mutation, but as the number of objectives increases, the diversity of the solutions in the population increases significantly and
crossover becomes less effective. In contrast, MQEA/I is based on an isolation strategy and evolves without requiring other
solution information, but as the number of objectives increases, the number of non-dominant solutions increases and solution
convergence becomes difficult. In this study, we propose a new quantum wind evolution algorithm that introduces a mechanism
to search the Pareto front uniformly to MQEA/I, and clarify its characteristics and effectiveness through computer experiments.
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