BIRNIEF REATRIRE
IPSJ SIG Technical Report

BRIGOthz AU YouTube :I >( Y RICK BEFEFER

W ED i Rt

BIE . HAOEBOEZRICE T 2R ERDOE T, FICHEEOBILERPHEE L 72 2 ¥, SNS % YouTube
BREDFUIFTAURXT 4 PHNERBRRBEDS L LTHEEINRTWS, KIZETIE, YouTube DB AT
Fx YINADARY S ERNRITEIE N R EZME L. BEIEEAPRRRIO R EZRICE X 2B RRET %,
ZAUT X D, SNS _EDOEHRBEIMEETENCE 2 THREEZHL I L, EEERSCBORL RN DR T 12
323z 2HET,

F—TJ—F D HWDH D, YouTube, EZE, KIE 0 Hr

Using Emotional Analysis

TAKUMI YAMAGUCHI''® TAKAHIRO BABA!

Abstract: With declining voter turnout in Japan’s national elections, especially among younger voters, be-
coming an issue, online media such as SNS and YouTube are attracting attention as a venue for disseminating
election information. In this study, we will conduct a sentiment analysis of comments on the official chan-
nels of political parties on YouTube to investigate the effects of sentiment trends and the timing of posting
on voter turnout. By doing so, we aim to clarify the role that information dissemination on SNS plays in
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Investigating the Impact of YouTube Comments on Election Turnout

electoral behavior and provide suggestions for election awareness and policy making.
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Table 1 List of pre-trained BERT models for Japanese to be
used
ETIA

kit-nlp /bert-base-japanese-sentiment-irony

kit-nlp/bert-base-japanese-sentiment-cyberbullying
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Table 2 Examples of collected comments and results of senti-

ment analysis

Comments Sentiment | Positive_Score | Negative_Score
EHSADSM S BRICKREL EEA. Negative 0.057 0.943
FPHHEHRAN BRI Z R Positive 0.943 0.057
AT R, WRRERRBORFER. .. Negative 0.056 0.944
INFERE=XALHE D Z7 ¥ a v Negative 0.41 0.59
HEDSHRIRIC 72 o T IR, Negative 0.055 0.945
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Table 3 Fukuoka Prefecture 1st District Election Results

X BIEEY | RERX | BEBEOFER @8
11X | 440,719 A | 46.98% | HE 70,408 (35.2%).
7R 55,343 (27.7%).
HEBT 34,346 (17.2%).
S 18,872 (9.4%).
FHPE 13,107 (6.5%).
R 8,067 (4.0%)
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